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Abstract 
 Artificial intelligence (AI) is altering the way intelligence is collected, processed, assessed and 
disseminated. This transformation is more consequential than the prospect of autonomous weapons 
alone because it affects the information and decision-making processes that precede the use of force. 
This article asks: How is artificial intelligence transforming the classical intelligence cycle, and what are 
the implications of this transformation for strategic stability in South Asia? Using qualitative conceptual 
analysis of intelligence studies, strategic-stability literature, official policy documents and publicly 
available material available by 31 March 2026, the article examines five transformations: the movement 
from episodic to persistent collection; from human-led collation to automated information fusion; from 
analyst-centred assessment to machine-augmented analysis; from periodic dissemination to near-real-
time distribution; and from decision support to decision compression. It argues that AI does not simply 
accelerate individual stages of the intelligence cycle. It changes their sequencing, interconnection and 
feedback relationships, potentially turning a traditionally sequential process into a continuous 
intelligence architecture. In India-Pakistan strategic competition, this may improve warning and reduce 
some forms of uncertainty while simultaneously increasing perceived vulnerability, encouraging 
reciprocal acceleration and narrowing the time available for verification and political signalling. The 
article therefore distinguishes intelligence-cycle efficiency from strategic stability. It concludes that the 
principal requirement is not maximum automation or speed, but controlled acceleration: AI-assisted 
intelligence should improve the quality and timeliness of assessment while preserving source diversity, 
independent verification, institutional resilience and meaningful human strategic judgement. 
Keywords: Artificial intelligence; intelligence cycle; systemic compression; strategic stability; decision-
making; South Asia; India-Pakistan 
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I. Artificial Intelligence and the Changing Intelligence Cycle 
 Artificial intelligence is increasingly being incorporated into the information systems through 
which states observe their security environments, interpret military activity and communicate warnings 
to decision-makers. Public discussion often places the greatest emphasis on autonomous weapons, but 
an earlier and potentially more pervasive transformation is taking place within the intelligence process 
itself. AI-assisted systems can collect information at scale, organise heterogeneous datasets, identify 
patterns, generate alerts, support analytical comparison and distribute assessments with substantially 
less delay than conventional processes. These changes affect the stages through which information 
becomes intelligence and intelligence becomes a basis for decision-making. (Payne, 2018; National 
Security Commission on Artificial Intelligence, 2021). 
 The classical intelligence cycle is commonly represented as a sequence involving collection, 
processing or collation, analysis and assessment, dissemination, and the subsequent use of intelligence 
in decision-making. The precise terminology varies across intelligence organisations, but the underlying 
logic is familiar: information is gathered, organised and evaluated before an assessed product is 
communicated to those responsible for decisions. The process is not purely mechanical. Human 
judgement, source validation, organisational priorities and feedback from decision-makers shape every 
stage. Its sequential character nevertheless creates temporal intervals in which information can be 
checked, alternative explanations considered and political or military responses coordinated. 
 AI challenges this sequential model in two ways. First, it accelerates individual functions. 
Automated collection can increase the volume and persistence of available information; machine-
assisted processing can correlate large datasets; analytical systems can identify anomalies or patterns; 
and automated dissemination can deliver alerts rapidly. Second, AI can connect the stages more tightly. 
An analytical output can immediately trigger additional collection, new information can update an 
assessment, and changes in confidence can automatically alter what is prioritised for dissemination. The 
result is potentially a continuous intelligence process rather than a sequence of largely discrete stages. 
 This transformation has particular significance in South Asia. India and Pakistan conduct strategic 
competition in an environment characterised by geographic proximity, conventional military rivalry, 
nuclear deterrence and recurring crises. Improvements in intelligence can strengthen warning and 
reduce uncertainty, but they can also affect perceptions of vulnerability. If a state believes that an 
opponent can observe its preparations more rapidly or persistently, it may have incentives to conceal, 
disperse or accelerate its own forces. AI can therefore influence strategic stability indirectly, even when 
no autonomous system possesses authority to employ nuclear weapons. 
 The central research question is: How is artificial intelligence transforming the classical 
intelligence cycle, and what are the implications of this transformation for strategic stability in South 
Asia? Three objectives guide the study: first, to examine how AI is transforming the principal stages of 
the classical intelligence cycle; second, to assess how these transformations affect intelligence 
advantage, decision-making and strategic competition in South Asia; and third, to analyse their 
implications for strategic stability and human strategic judgement. 
 The article advances three propositions. First, AI is changing the intelligence cycle not merely by 
improving individual tasks but by altering the speed, sequencing and interaction of its stages. Second, 
the strategic value of AI-assisted intelligence depends on the quality and resilience of the wider 
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intelligence system rather than computational capability alone. Third, accelerated intelligence can have 
contradictory effects: it can improve warning while simultaneously compressing the time available for 
verification, deliberation and signalling. The central policy problem is consequently not whether AI 
should be used in intelligence, but how its acceleration can be governed so that improved information 
does not produce poorer strategic judgement. 
 Systemic compression, as used in this article, refers to a condition in which technological 
acceleration, increasing information density, and increasingly interconnected intelligence processes 
reduce the temporal and organisational space available between observation, assessment, decision, and 
response. The concept builds on the author's earlier formulation of systemic compression as the 
convergence of technological speed, information saturation, and compressed decision-making (Dar & 
Mehrukh, 2025). In the present analysis, the concept is extended to the intelligence cycle itself: AI-
enabled acceleration at successive stages can compress not only decision time but also the intervals 
available for verification, interpretation, and organisational deliberation. 
II. Intellectual and Theoretical Foundations 
 The literature relevant to this study spans intelligence studies, artificial intelligence and military 
affairs, nuclear strategic stability, and South Asian security. Intelligence scholarship has long treated 
intelligence as a process of reducing uncertainty for decision-makers rather than simply accumulating 
information. Heuer's work on intelligence analysis demonstrates the importance of cognitive biases, 
assumptions and alternative explanations, while Jervis highlights the role of perception and 
misperception in international politics (Heuer, 1999; Jervis, 1976). These insights remain important when 
AI systems become increasingly involved in processing and presenting information because 
computational speed does not eliminate uncertainty or the possibility of erroneous interpretation. 
 A second literature examines information and networked warfare. Alberts, Garstka and Stein 
(1999) emphasised the strategic importance of information superiority, while later work on military 
transformation has considered how sensing, connectivity and computational power can alter 
operational effectiveness. AI extends this trajectory by making it possible to process information at a 
scale and speed that exceeds ordinary human analytical capacity. Payne (2018) argues that AI may 
influence strategic competition through changes in the speed and character of military decision-making. 
The National Security Commission on Artificial Intelligence (2021) similarly treated data, computing, 
sensing and decision support as central components of national-security capability. (Alberts, Garstka, 
and Stein, 1999; Payne, 2018). 
 A third literature addresses AI and nuclear risk. SIPRI research has highlighted potential effects 
on early warning, command-and-control, surveillance, perceptions of survivability and strategic stability 
(Boulanin, 2019; Boulanin et al., 2020). The significance of this literature is that AI does not need to 
control a weapon directly to influence nuclear risk. Changes in warning and assessment can affect how 
leaders interpret an adversary's behaviour and how much time they believe remains for decision-
making. 
 The South Asian literature adds the regional context. India and Pakistan's nuclear relationship is 
shaped by proximity, conventional asymmetry, crisis recurrence and uncertainty about intentions and 
capabilities. Research on AI and strategic stability in South Asia has begun to consider surveillance, 
decision support and escalation, including the possibility that technological improvements could alter 
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deterrence relationships (Topychkanov, 2020). Yet, much of the emerging literature remains organized 
around particular technologies or broad questions of military modernization. Less attention has been 
given to the intelligence cycle as the analytical unit through which AI changes the relationship between 
information and strategic decision-making. 
 This article addresses that gap by treating the intelligence cycle itself as the object of analysis. It 
does not assume that AI replaces the intelligence cycle. Rather, it examines how AI may transform the 
functions traditionally associated with collection, collation, assessment and dissemination, and how 
those changes can modify the temporal and organisational conditions under which strategic decisions 
are made. 
III. Analytical Approach and Conceptual Framework 
 The study employs qualitative conceptual analysis. It draws on peer-reviewed scholarship, 
established works in intelligence and strategic studies, institutional research and official policy 
documents that were publicly available. The purpose is explanatory rather than predictive: the analysis 
identifies mechanisms through which AI can alter the intelligence cycle and considers their potential 
implications for strategic stability. Because relevant military and intelligence capabilities remain partly 
classified, the study does not claim to establish the operational performance or precise deployment of 
AI systems in India or Pakistan. The analysis is concerned primarily with the strategic level, where 
intelligence assessments can affect crisis management, deterrence and political decision-making; 
operational and tactical intelligence are considered only insofar as their transformation contributes to 
strategic effects. 
 The classical intelligence cycle provides the baseline analytical model. Although terminology 
differs among organisations, the study uses five functional stages: collection; collation and processing; 
analysis and assessment; dissemination; and decision-making. Decision-making is included because 
intelligence derives strategic meaning only when assessed information informs action. Feedback is also 
recognized because intelligence requirements originate partly from decisions and operational 
developments. 
 AI can affect each stage. At the collection stage, automation can increase persistence, scale and 
the speed with which information is acquired from multiple sources. At the collation stage, machine 
systems can organise, correlate and fuse heterogeneous information. At the assessment stage, AI can 
support pattern recognition, anomaly detection, language processing and predictive analysis. At 
dissemination, automated alerting and prioritisation can reduce distribution delays. At the decision 
stage, AI can present warnings, confidence assessments, competing hypotheses or possible courses of 
action. The resulting transformation is therefore not a single technological intervention but a cumulative 
change across the cycle. 
 For the purposes of this article, systemic compression refers to the cumulative reduction of the 
temporal, informational and organisational space within which intelligence is collected, assessed, 
verified, disseminated and acted upon. The concept builds on the author's earlier formulation of 
systemic compression as a condition arising from the convergence of technological acceleration, 
information density and compressed decision-making (Dar & Mehrukh, 2025). In the present analysis, 
the concept is applied specifically to the intelligence cycle. Temporal compression refers to the shrinking 
interval between detection, assessment, decision and response. Informational compression refers to the 
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rapid concentration of large and heterogeneous information streams into a smaller number of machine-
generated assessments, potentially reducing processing burdens while increasing interpretive demands. 
Organisational compression refers to tighter coupling among collection, processing, analysis, 
dissemination and decision functions, reducing procedural separation that previously provided 
opportunities for review. These dimensions can reinforce one another, producing a system-level 
condition in which the intelligence process becomes faster and more interconnected without necessarily 
becoming proportionately better at verification, interpretation and restraint. 
 The framework distinguishes five transformations: (1) episodic collection to persistent collection; 
(2) human-led collation to automated information fusion; (3) analyst-centred assessment to machine-
augmented assessment; (4) periodic dissemination to near-real-time dissemination; and (5) decision 
support to decision compression. Human judgement and institutional resilience operate across all five 
rather than constituting a separate technological stage. 
 The five transformations should not be understood as independent developments. Persistent 
collection feeds automated fusion; automated fusion accelerates assessment; accelerated assessment 
enables faster dissemination; and near-real-time dissemination reduces the interval before decision. 
Each transformation can therefore reinforce the next, producing a cumulative rather than merely 
additive effect. This interdependence is the principal reason the article treats systemic compression as 
a system-level outcome. 
 The framework can be represented as: Collection → Collation/Processing → Analysis/Assessment 
→ Dissemination → Decision, with AI increasing the speed and connectivity of each function and creating 
feedback loops between them. The strategic question is therefore not whether any individual stage 
becomes automated. It is whether the overall cycle becomes sufficiently accelerated and interconnected 
that the temporal space for verification, disagreement and signalling is materially reduced. 
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IV. Reconfiguring Collection: From Episodic Acquisition to Persistent Sensing 
 The first transformation concerns collection. Conventional intelligence collection is constrained 
by sensor availability, human tasking, processing capacity and the time required to retrieve and organize 
information. AI can reduce some of these constraints by enabling automated extraction and 
prioritization from large volumes of imagery, signals, open-source information and other data streams. 
Persistent sensing does not necessarily mean that every activity is continuously observed; it means that 
the system can maintain a higher level of automated attention across multiple sources and identify 
developments requiring human review. 
 The potential advantage is evident: earlier detection can provide decision-makers with more time 
to understand a developing situation. Yet, persistent collection also changes the interaction between 
intelligence and military behaviour. If actors believe their movements are increasingly observable, they 
may alter patterns of activity. Concealment, dispersion, mobility, deception and communications 
discipline can become more important. The information environment then becomes adaptive: 
intelligence collection changes the behaviour it is intended to observe. 
 For India and Pakistan, this dynamic matters because geographic proximity already creates strong 
incentives for surveillance and rapid interpretation. A perceived improvement in persistent observation 
may be interpreted not simply as improved warning but as a possible challenge to force survivability. 
The strategic consequence, therefore, depends on how the capability is perceived, what targets are 
thought to be observable, and whether the opponent can distinguish surveillance from preparations for 
offensive action. 
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 AI-assisted collection also raises a data-quality problem. Automated systems can collect more 
information than analysts can independently inspect. Increased volume can therefore, create a paradox: 
the system may possess more observations while decision-makers remain uncertain about which 
observations are genuinely significant. Collection advantage becomes useful only when subsequent 
processing and assessment can distinguish signal from noise and identify deliberate deception. 
V. Reconstituting Processing: Automated Fusion and Information Density 
 The second transformation occurs in collation and processing. Traditional intelligence 
organisations have always used technical systems to store, sort and compare information, but AI can 
extend this function by identifying relationships across datasets that are too large or heterogeneous for 
routine manual processing. Computer vision can classify features in imagery; natural-language 
processing can organise textual reporting; anomaly-detection methods can identify departures from 
established patterns; and machine-learning systems can correlate indicators across sources. 
 This creates the possibility of automated intelligence fusion. Instead of analysts manually 
assembling information from separate channels, systems can generate an integrated picture in near real 
time. The potential benefit is considerable, particularly during crises in which information arrives 
simultaneously from multiple sources. However, fusion can also create false corroboration. If several 
datasets originate from a common source, share a common error or are influenced by the same 
deception campaign, an algorithm may interpret their apparent agreement as independent 
confirmation. 
 The central issue is therefore not simply the volume of data fused but the provenance and 
independence of the sources. A resilient intelligence system must know whether apparently separate 
indicators are genuinely independent. It must also preserve access to underlying evidence so that 
analysts can challenge a machine-generated correlation. Otherwise, automated fusion may make an 
incorrect interpretation appear more authoritative precisely because it has incorporated more 
information. 
 In strategic competition, this distinction becomes critical. A state may develop confidence not 
because it possesses conclusive evidence but because an AI system has identified multiple apparently 
connected indicators. If the resulting assessment is disseminated rapidly, decision-makers may perceive 
less uncertainty than actually exists. The danger is therefore not merely algorithmic error; it is the 
institutional conversion of uncertainty into apparent coherence. 
VI. Augmenting Assessment: AI, Interpretation and Analytical Uncertainty 
 The third transformation concerns analysis and assessment, traditionally regarded as the stage 
in which trained analysts evaluate information, test competing explanations and produce judgements. 
AI can augment this function by identifying patterns, generating correlations, detecting anomalies and 
helping analysts explore alternative hypotheses. Properly designed, such systems can increase the range 
of evidence considered without transferring strategic judgement to the machine. 
 The distinction between assistance and authority is essential. AI systems operate through data, 
models and defined objectives. They can estimate patterns without possessing reliable knowledge of 
political intent. In strategic intelligence, the same observable behaviour may have several explanations: 
routine preparation, deterrent signalling, defensive precaution, deliberate deception or preparation for 
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attack. Machine-assisted analysis can help identify the behaviour, but it cannot independently resolve 
the political meaning of the behaviour. 
 This is where automation bias becomes relevant. Automation bias refers to the tendency to give 
disproportionate weight to machine-generated information or recommendations. It is distinct from 
decision compression. Automation bias concerns the relationship between human judgement and 
machine output; decision compression concerns the amount of time available for human judgement. 
They can reinforce each other. When time is scarce, decision-makers may be more inclined to accept an 
apparently authoritative machine assessment without examining the underlying evidence. 
 The appropriate response is not to reject machine assistance but to design it around 
contestability. High-consequence assessments should identify important evidence, competing 
explanations and material uncertainties. Analysts should be able to inspect the basis of an alert and 
challenge the system's interpretation. AI should expand the analytical space available to decision-makers 
rather than silently narrowing it. 
VII. Accelerating Dissemination: From Intelligence Products to Real-Time Warning 
 The fourth transformation concerns dissemination. Conventional intelligence dissemination 
involves producing and distributing assessed information through established channels, often according 
to classification, urgency and the needs of particular users. AI can automate alerting and prioritization, 
allowing information judged to be significant to reach relevant users with minimal delay. 
 The benefit is speed. In a fast-moving crisis, an intelligence product that reaches decision-makers 
ten minutes earlier may materially improve awareness. Yet, dissemination speed can also change the 
meaning of the information. A preliminary machine-generated warning distributed immediately may 
acquire institutional authority before analysts have completed a fuller assessment. Once an alert reaches 
senior decision-makers, the organization may begin to respond to the warning even if its evidentiary 
basis remains uncertain. 
 This produces an important distinction between information latency and assessment maturity. 
Reducing the time between observation and dissemination is not always beneficial if it causes immature 
assessments to circulate as if they were established intelligence. AI systems should therefore distinguish 
between alerts requiring immediate human attention and assessments that meet a higher evidentiary 
threshold. 
 In South Asian crises, this distinction has strategic relevance because the communication of 
information can itself influence signalling. A rapid warning about military movement can trigger 
consultations, force adjustments or public messaging. If both sides increasingly rely on accelerated 
intelligence systems, each may interpret the other's reaction as evidence confirming the original 
warning. The dissemination stage can consequently become part of the escalation mechanism rather 
than a neutral transmission function. 
VIII. From Decision Support to Systemic Compression 
 The most consequential transformation occurs when AI-assisted intelligence reaches decision-
making. The traditional intelligence cycle allows assessed information to move through organizational 
channels before strategic decisions are taken. AI can shorten the interval between detection and 
decision by combining rapid collection, processing, assessment and dissemination. The result is decision 
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compression: a reduction in the time available to verify information, consult relevant institutions, 
consider alternatives and communicate with an adversary. 
 Decision compression should not be equated with better decision-making. In routine situations, 
faster decisions may improve operational responsiveness. In high-consequence crises, however, the 
value of additional speed depends on the reliability of the underlying assessment. A rapid but uncertain 
warning can be strategically more dangerous than a slower but better-validated assessment. 
 A stylised example illustrates the mechanism. Suppose multiple information streams indicate 
unusual military activity near a sensitive area. An AI-assisted intelligence system identifies a pattern and 
produces an alert. Automated fusion increases apparent confidence; rapid dissemination brings the 
assessment to senior decision-makers; and the compressed timeline creates pressure to respond before 
independent verification is complete. The opponent observes the response and interprets it as evidence 
of hostile intent, generating another cycle of warning and reaction. 
 This scenario is not a prediction of actual Indian or Pakistani behaviour and does not make claims 
about classified capabilities. Its purpose is to demonstrate a mechanism: accelerated collection → 
automated fusion → machine-assisted assessment → rapid dissemination → reduced verification time 
→ reciprocal reaction. Strategic instability can therefore emerge without autonomous weapons if the 
intelligence cycle becomes faster than the institutions responsible for interpreting it. 
 The confidence-compression relationship is particularly important. AI can provide a numerical 
confidence estimate, but confidence in a model's output is not equivalent to certainty about an 
adversary's intentions. A system may be highly confident that a pattern exists while the strategic 
interpretation of that pattern remains ambiguous. Human decision-makers, therefore, need both the 
machine's assessment and the reasons why alternative explanations have not been eliminated. 
IX. South Asian Strategic Competition and Strategic Stability 
 The transformation of the intelligence cycle has asymmetric implications for India and Pakistan. 
India's larger technological and economic base provides greater potential to integrate AI with space, 
geospatial, information and computational ecosystems. The IndiaAI Mission, approved in March 2024, 
illustrates a broader national effort to expand computing, datasets, skills and AI applications. Public 
information does not establish the precise operational integration of these capabilities into classified 
intelligence or nuclear command systems; the relevant analytical point is the expansion of the enabling 
ecosystem. 
 Pakistan faces greater resource constraints and consequently has stronger incentives to prioritise 
selected capabilities. Its National Artificial Intelligence Policy 2025 identifies infrastructure, datasets, 
human capital, secure AI and innovation among national priorities. In intelligence terms, selective 
investment in geospatial analysis, open-source intelligence, data fusion, cyber resilience, secure 
communications and professional analytical expertise may produce greater strategic value than 
attempting comprehensive technological parity. (Government of Pakistan, Ministry of Information 
Technology and Telecommunication, 2025). 
 Publicly documented developments provide useful illustrations of this transformation without 
establishing the capabilities of classified intelligence systems. In January 2025, India's Ministry of 
Defence described SANJAY, the Battlefield Surveillance System, as an automated system integrating 
inputs from ground and aerial sensors, checking their veracity, preventing duplication and fusing 
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information into a common surveillance picture for command and decision-support functions (Ministry 
of Defence, Government of India, 2025). This illustrates the practical movement from separate collection 
streams towards automated fusion and networked decision support. 
 Operation Sindoor in May 2025 also illustrates the strategic importance of intelligence-led, 
networked operations, although public evidence does not establish that AI independently generated the 
relevant operational decisions. India's Ministry of Information and Broadcasting described the operation 
as intelligence-led and based on multi-agency confirmation, while subsequent analysis highlighted the 
importance of persistent intelligence, surveillance and reconnaissance and the networking of multiple 
platforms (Ministry of Information and Broadcasting, Government of India, 2025; Ladwig, 2025). The 
episode is therefore treated here as an empirical illustration of accelerated intelligence-to-action 
pathways rather than as proof of autonomous or AI-controlled decision-making. 
 Technological asymmetry does not translate automatically into intelligence dominance. The 
outcome depends on data access, source diversity, analytical quality, organizational integration and 
resilience. A technologically advanced system can be vulnerable to deception or common-mode failure, 
while a less technologically extensive system can reduce vulnerability through redundancy and 
alternative collection methods. 
 External technology relationships further complicate the resilience of the intelligence cycle. India 
has expanded cooperation with the United States in advanced defence and technology areas, while 
Pakistan has substantial technology cooperation with China. Both states can also draw on commercial 
dual-use services. These relationships may accelerate capability development but can introduce 
dependence on foreign vendors, supply chains, specialized computing, commercial imagery and 
communications services. Intelligence resilience therefore includes continuity of access and data 
sovereignty, not only cyber protection. India's 2025 TRUST initiative with the United States explicitly 
includes cooperation in AI, defence, semiconductors, quantum technologies and space, while China-
Pakistan official statements have identified cooperation in artificial intelligence, big data and 
communications technologies (Government of India, 2025; Ministry of Foreign Affairs of the People's 
Republic of China, 2025). Such relationships may accelerate capability development, but they can also 
create exposure to vendor dependence, export controls, supply-chain disruption, software or hardware 
discontinuity and data-governance constraints. Resilience therefore requires alternative sources, 
domestic or diversified technical capacity, and procedures for operating when external services or 
components are degraded. 
 For strategic stability, the key concern is the possibility of a feedback loop. If one state believes 
that AI has significantly improved the other's ability to detect and interpret military preparations, it may 
increase mobility, concealment, dispersion or readiness. Those changes can themselves generate 
indicators that an AI system interprets as confirmation of heightened threat. The result can be reciprocal 
acceleration even when neither side initially intends escalation. 
 The appropriate analytical distinction is therefore between intelligence-cycle efficiency and 
strategic stability. AI may make the intelligence cycle more efficient while making the strategic 
environment less stable if speed, perceived transparency and confidence increase faster than 
verification and communication mechanisms. 
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X. Institutional and Strategic Policy Implications 
 The first policy requirement is to redesign the intelligence cycle around human–machine 
complementarity rather than automation for its own sake. AI should perform high-volume and repetitive 
tasks where speed and scale provide clear benefits, while human analysts retain responsibility for 
interpretation, uncertainty assessment and strategic context. 
 Second, states should establish source diversity and independent validation requirements for 
high consequence intelligence. Multiple algorithmic outputs should not be treated as independent 
confirmation when they rely on common datasets, sensors or models. The provenance of information 
should remain visible to analysts and decision-makers. 
 Third, AI-assisted warning systems should communicate uncertainty explicitly. A warning should 
distinguish between what has been observed, what the system has inferred and what remains 
unresolved. Confidence scores should not become substitutes for evidentiary explanation. 
 Fourth, decision architecture should preserve protected human deliberation for high-
consequence strategic decisions. Meaningful human control requires more than the formal presence of 
a person. Decision-makers must have access to underlying evidence, authority to challenge machine 
outputs and sufficient time to seek independent verification. 
 Fifth, resilience planning should address external technological dependencies. States should 
identify critical dependencies on foreign vendors, cloud services, commercial imagery, specialised 
hardware, software and communications. Alternative sources and degraded operating procedures 
should be incorporated into intelligence planning. 
 Sixth, India and Pakistan should consider confidence building and crisis management measures 
relevant to AI-enabled intelligence. Comprehensive restrictions on military AI are unlikely to be practical 
because many intelligence technologies are dual-use. Measures that are more feasible include protected 
crisis communication, procedures for handling suspected false warnings, professional education on AI 
limitations and explicit principles against allowing machine-generated assessments to independently 
authorize high consequence strategic action. 
 The broader social-science implication is that AI adoption in intelligence organisations is not 
simply a technological procurement exercise. It affects professional expertise, institutional authority, 
accountability, organisational trust and the distribution of interpretive power between analysts and 
decision-makers. The strategic consequences of AI will therefore depend partly on institutional 
adaptation. Although the empirical focus is South Asia, the framework is applicable to other strategic 
dyads in which AI adoption accelerates intelligence processes under conditions of crisis and uncertainty. 
XI. Conclusion 
 Artificial intelligence is transforming the intelligence cycle at a point where the consequences 
may be more immediate than those associated with autonomous weapons. By increasing the scale and 
persistence of collection, automating collation and fusion, augmenting analysis, accelerating 
dissemination and compressing the interval before decision-making, AI can change not only what 
intelligence organisations know but how quickly they move from observation to judgement. 
 The transformation is not inherently stabilising or destabilising. Faster intelligence can provide 
earlier warning and improve the allocation of analytical attention. At the same time, acceleration can 
reduce the temporal space required to challenge information, distinguish deception from genuine 
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indicators, consult relevant authorities and communicate with an adversary. The strategic outcome 
depends on how the technology is embedded within institutions. 
 For South Asia, this distinction is particularly important. India and Pakistan are likely to continue 
developing AI-related capabilities because the technology has applications across civilian and military 
domains. The central strategic challenge is therefore not technological adoption itself but the 
management of the intelligence cycle that adoption creates. If AI produces faster assessments without 
corresponding improvements in verification, resilience and human judgement, efficiency can become a 
source of instability. 
 The central conclusion is therefore that AI should not be evaluated solely by whether it makes 
intelligence faster. It should be evaluated by whether it makes strategic judgement better, more resilient 
and more accountable under conditions of uncertainty. The objective should be controlled acceleration: 
using machines to compress routine processing while preserving institutional time for the decisions that 
cannot safely be automated. 
 The study is limited by reliance on open sources and therefore cannot establish the operational 
performance of classified intelligence systems. Future research should examine how military 
organizations incorporate AI-assisted intelligence into doctrine and crisis management through 
comparative case studies, expert interviews and, where available, declassified evidence. 
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